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How is your business performing against the 5 Indications of Maturity?
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Introduction: Retail Crime Risk Models

The criminal threat facing retail has evolved rapidly in both scale and sophistication, becoming more organised,
more aggressive, and more complex. Encouragingly, the analytical tools and technological capabilities available
to businesses to identify and respond to these threats have also advanced significantly.

It is well known that crime is not evenly distributed in time or space. Instead, it is shaped by a combination of
location-specific factors such as the built environment, population density, and store layout alongside operational
factors, including trading hours, product range, and staffing levels. Adopting the premise that crime typically
clusters due to a combination of these factors, the ability to identify which stores present the highest levels of
risk - and determine what measures will be effective in mitigating that risk - presents a valuable proposition for
retailers looking to drive down crime in a cost-efficient and defensible way. It is precisely this calculated
methodology that retail crime risk modelling promises to deliver.

1.1 A Sector in Transition

The report, Retail Crime Risk Modelling, provides a comprehensive view of how retailers are currently
approaching crime risk modelling and where gaps, challenges and barriers remain.

While adoption is growing, maturity is uneven; nearly three-quarters of respondents reported having a crime risk
model in place, yet only just over half considered their approach to be “established.” At the same time, one in five
retailers reported having no model at all, with a third of these unclear about the concept or its benefits. The result
is a fragmented landscape, with wide variation in how criminal risk is defined, measured, and acted upon across
the sector.

1.2 What Good Looks Like: Indications of Model Maturity

The research identified indicators of more mature risk modelling capability with clear differences between
businesses with established crime risk models and those still developing their approach. Five key areas are
highlighted: i) the breadth of external data integration, i) the depth and relevance of internal data inputs, iii)
operational and strategic use, iv) testing and validation, and v) the frequency of data refreshment.

Overall, the findings suggest that more mature models use a wider range of internal and external data, are
refreshed more frequently, are more likely to have been formally tested, and are embedded more deeply into
strategic, operational, and investment decisions. In contrast, less developed models tend to rely on narrower and
more static data sources, with more limited influence on day-to-day decision-making, and are often contained
within the loss prevention function. In short, more mature models are not just more data-rich, they are more
embedded, more trusted, and more actionable.
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1.3 From Data to Defensible Decision-Making

When well designed and applied, crime risk models’ become more than analytical tools, they can become
decision engines as well as indicators of effective practice. They can enable retailers to:

e Target resources where they will have the greatest impact

e Avoid misdirected investment

e Inform operational decisions such as staffing and trading hours

e Prioritise sites for security interventions and technology

e Allow for more robust testing of security interventions and risk mitigation strategies
e Demonstrate due diligence and foreseeability

In practical terms, robust risk modelling can be the difference between a store that struggles to remain viable and
one that can operate safely, sustainably, and profitably. Beyond this, we found evidence across the industry that
credible data-driven approaches help improve engagement with senior leadership, strengthen cross-functional
alignment, and enhance credibility leading to better relationships with law enforcement.

1.4 Cross-Functional Engagement with Crime Risk

Of equal importance to the direct management of criminal risk, are the less tangible yet strategically significant
outcomes of effective data-driven risk modelling. From the interviews we identified several peripheral benefits
including greater cross-functional engagement with criminal risks, improved organisational alignment, trust and
buy-in from senior leaders and enhanced credibility with external partners such as law enforcement. When
retailers can demonstrate that their decisions are grounded in rigorous, evidence-based analysis, they are better
positioned to secure internal buy-in, influence broader organisational priorities and elevate their status with
external bodies.

1.5 Moving Towards Intelligence-led Retail Crime Control (IRCC)

As retail increasingly adopts advanced analytics and Al-driven crime risk modelling, the integration of structured
methodologies such as SRM and FMEA provides a conceptual foundation for more rigorous and defensible
decision-making. Together, they support a transition from reactive, incident-led loss prevention toward proactive,
intelligence-led security strategies, where interventions are prioritised based on quantified risk and an
understanding of underlying failure mechanisms.

Drawing inspiration from Intelligence-Led Policing (ILP) and informed by insights from the ECR Retail Loss
projects Fortress Stores and the Most at-Risk Stores study, a compelling case emerges for what we term
Intelligence-led Retail Crime Control (IRCC). Around the world, police forces have evolved to manage complex,
dynamic patterns of offending across dispersed geographies with finite resources - challenges that closely
mirror those faced by large retail estates. The retail sector can adopt and adapt this thinking to build more
dynamic, intelligence-driven approaches to loss and security.

IRCC represents a shift from reactive, incident-led responses to a proactive, structured, and analytical model of
crime prevention. By systematically collecting, analysing, and applying intelligence on offenders, locations, and
crime patterns, IRCC enables retailers to target the highest-harm risks and optimise the allocation of scarce
resources. This approach supports a more strategic use of technology, people, and process, ensuring that
interventions are both proportionate and effective. In a climate where violence, organised retail crime, and prolific

* Taylor, E. (2023) Fortress Stores: Keeping the Most At-Risk Grocery Stores Trading, ECR Retail Loss. Available at:
https:/ecrloss.com/research-paper/keeping-the-most-at-risk-stores-trading/

Retail Crime Risk Models 2026 ECR

5 The foundation of intelligence-led retail crime control



https://ecrloss.com/research-paper/keeping-the-most-at-risk-stores-trading/

offending continue to escalate, IRCC offers a sustainable pathway for making bricks-and-mortar stores safer
environments in which to work and shop.

This is not about predicting the future with a crystal ball; it is about applying a systematic, robust methodology
that draws on multiple data points to identify patterns, relationships, and emerging trends across a range of
factors and criminal activities. By leveraging historical incident data, criminal behaviour patterns, demographic
and environmental factors, operational factors (both static and dynamic), retail businesses can begin to forecast
potential risks and develop effective strategies to mitigate them. This data-rich and intelligence-led approach is
undoubtedly the future of retail crime control that businesses need to transition to.

To support this transition, those working in crime, security, or loss prevention roles are encouraged to complete
the self-assessment and to invite colleagues from across the business to do the same. Gaining a clear
understanding of an organization’s current risk model capability is the foundation to unlocking the power of
Intelligence-led Retail Crime Control. Ultimately, the adoption of intelligence-led practices is not simply an
operational enhancement; it is a strategic imperative for the future of the sector.

1.6 Looking Ahead: The Direction of Travel is Clear

There is clear momentum towards more advanced, integrated, and dynamic risk modelling across the sector.
Retailers are seeking models that are automated, dynamic, and capable of drawing on multiple data sources to
generate (near) real-time insight. However, challenges remain. Data quality, model design, and organisational
capability continue to limit progress. Addressing these barriers - and building a more consistent, shared
understanding of risk - will be critical to unlocking the full potential of risk modelling in the retail sector.

Retailers that embrace intelligence-led, data-driven risk modelling will be better positioned to protect their
people, assets, and operations while those that continue to rely on reactive approaches will struggle to keep
pace with an evolving threat landscape. The future of retail crime control is intelligence-led and the transition has
begun - have you?
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Take Action: The Retail Crime Control Self-
Assessment Tool

To support the transition to IRCC, the report is accompanied by a Retail Crime Control Self-Assessment tool. This
enables organisations to identify their current level of maturity and benchmark their approach against four
personas:

e The Firefighter
e The Reactive Investigator

e The Analyst

e Thelntelligence-led Strategist

These personas reflect a clear progression from reactive response to proactive, intelligence-led leadership.

The tool, available as an interactive online quiz or a paper-based exercise, is designed to identify the ‘persona’ of
the crime control function within retail businesses. The intention is that it can be used by retailers and the wider
industry to ascertain progress in the development of a risk model that can be used to inform strategic decision
making on things such as recruitment and staffing, fulfilment models, store design, trading hours, guarding
budgets, investments in video deployments (e.g. body-worn cameras, headsets, locked display cabinets),
etcetera.

The self-assessment tool explores the range of data sources utilised, their ability to adequately represent crime
and threat patterns, how predictive and dynamic the model is, and how well integrated it is across business
functions, as well as its status in the business i.e. how well-regarded and respected it is to use in core decision
making activities.

2.1 Five Indications of Maturity

The assessment tool is comprised of different modules based on the indicators of maturity outlined in this report:

1. Breadth of External Data Integration

Established models draw on a wider range of external data sources, including threat intelligence, population
density, crime attractors, and environmental inhibitors. This indicates a more contextual understanding of risk,
where organisations look beyond internal incident history to incorporate wider structural and environmental
influences.

2. Depth and Relevance of Internal Data Inputs

While both groups make substantial use of internal data, established models place greater emphasis on
operationally relevant and location-specific indicators such as physical surveys, robbery, vandalism, and burglary
data. This suggests that mature models are informed by richer intelligence that more directly reflects the realities
of store-level risk.

3. Operational and Strategic Use
The strongest differences were evident in how model outputs are used. Established models are more likely to
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inform frontline deployment, resource allocation, loss prevention strategy, and high-value property decisions.
This demonstrates that maturity is closely linked to organisational trust and the willingness to embed model
outputs into consequential decisions.

4, Testing and Validation

Established models were more likely to have undergone formal testing or been used in defensibility contexts,
whereas developing models were more likely never to have been formally validated. This highlights the
importance of governance, assurance, and evidencing model credibility as capabilities mature.

5. Frequency of Data Refresh and Dynamic Updating

More mature models are updated more frequently, with a greater likelihood of real-time or continuous refresh
cycles. This reflects stronger technical infrastructure and enables organisations to respond more quickly to
emerging threats and changing crime patterns, rather than relying on static or retrospective analysis.

2.2 Retail Crime Control Personas

'"The Firefighter’

The Firefighter relies largely on instinct, local experience, and reactive responses to crime. Data is incomplete,
inconsistently captured, or fragmented, and there is little structured assessment of risk across locations.
Decisions are made in response to incidents rather than anticipated pressures, making it difficult to prioritise
resources, demonstrate foresight, or defend decisions when challenged.

'The Reactive Investigator’

The Reactive Investigator recognises the value of crime risk modelling and has begun to formalise its approach,
often building on historical incident data and basic external indicators. While insights are generated, the model is
primarily retrospective and used to explain what has happened rather than anticipate what might occur next.
Decision-making still relies heavily on local knowledge and experience, with the model playing a supporting role
at times.

'The Analyst'

The Analyst has a well-developed crime risk model that draws on multiple data sources and informs many
operational and planning decisions. While some processes remain manual or periodic, there is clear intent to act
proactively rather than purely reactively. The model is respected within key functions, supports consistent
decision-making, and is increasingly used to justify resource allocation and risk mitigation strategies

'The Intelligence-led Strategist’

The Intelligence-led Strategist systematically monitors a wide range of internal and external risk indicators and
uses them to anticipate where risk is increasing. Crime risk intelligence is embedded across the business and
informs proactive, proportionate interventions. Decisions about security, staffing, and investment are
demonstrably data-led, defensible, and aligned to wider business objectives. The model is trusted, continuously
refined, and used as a strategic asset rather than a technical tool.

Importantly, participants and their crime control function can — and often do - reflect different personas across
the five elements. For example, they could be ‘A Firefighter’ on their use of internal data yet an ‘Intelligence-led
Strategist’ on how well the risk model is integrated and has status within the business. The assessment tool
provides for this granularity which will help to focus attention to where it is most needed.
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2.3 How to use the Self-assessment Tool

You can access the Retail Crime Risk Model Self-assessment Tool online. Alternatively, the paper-based version
is provided below.

The Retail Crime Risk Model Self-Assessment can be completed by individuals to evaluate the maturity of their
organisation's approach to crime risk modelling. However, it is likely to deliver the greatest value when used as a
team exercise.

Step 1: Complete the Assessment Independently

Invite colleagues from across the crime, security, and loss prevention function to complete the self-assessment
independently before sharing their results. This encourages honest reflection and helps identify how consistently
the organisation's current approach is understood.

Differences in scores and personas can be particularly revealing. For example, a Head of Asset Protection may
view the organisation as operating in 'Firefighter' mode, while other team members assess it as being
significantly more mature—or vice versa. Exploring these differences often generates valuable discussion about
strengths, gaps, and differing perceptions of current capability.

This exercise is especially valuable for teams that include both long-serving colleagues and those who have
joined from other organisations, as they often bring different experiences and expectations of what effective risk
modelling looks like.

Step 2: Collate the Results

Ask all participants to submit their completed assessments to a nominated team leader or facilitator. The
facilitator should collate the results, identify common themes and areas of divergence, and prepare a summary
for discussion.

Step 3: Hold a Team Workshop

Convene a workshop (approximately one hour) to review the findings. Each participant should bring a copy of
their own assessment.

The discussion should be structured around the Five Indications of Model Maturity presented in this report.
There are no 'right' or 'wrong' answers. Indeed, differences in opinion are often the most valuable outcome,
highlighting areas where understanding, expectations, or approaches are not yet aligned.

The purpose of the discussion is not to reach consensus for its own sake, but to understand why different
perspectives exist and what they reveal about the organisation's current approach to crime risk modelling.

Step 4: Agree Next Steps
The workshop should conclude with a clear and actionable plan. This might include:

e addressing an immediate gap identified through the self-assessment;

e sharing the findings with senior leadership or the Board to demonstrate current strengths and opportunities
for development;
identifying additional data sources that could strengthen the organisation's risk model;
reviewing how risk model outputs are used to support operational and strategic decision-making;

e agreeing priorities for further development, testing, or validation of the organisation's risk model.

The self-assessment should not be viewed as a one-off exercise. Repeating it periodically enables organisations
to monitor progress over time, measure improvements in capability, and track their transition towards
Intelligence-led Retail Crime Control.
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The Retail Crime Risk Model Self-Assessment

Below are a series of questions relating to five key areas of retail crime risk models. Answering these questions
will generate a score for each of the components as well as an overall score.

Choose the best answer that reflects your business (a, b, ¢ or d) and then add up your scores:

A ‘ EXTERNAL DATA INTEGRATION Score

To what extent does your model incorporate dynamic external data (e.g. police feeds, threat intelligence,
industry alerts)?

External data is rarely or never used. 1

Al

External data is reviewed occasionally but not systematically integrated.

c Multiple sources are regularly accessed and manually incorporated, though not in real time.

A wide range of external data feeds are automatically integrated and continuously updated
(e.g., police APls, threat intelligence, industry alerts).

To what extent are environmental and geographic risk factors considered (e.g. crime hotspots,
transportation centres, local setting)?

Not included. 1

Occasionally considered or referenced in analysis but not routinely included in the model. 2

Key environmental and geographic factors are included in discussions but may not be weighted
or fully embedded in modelling.

d Systematically mapped, evaluated, and integrated into the model. 4

To what extent are social and economic indicators used (e.g. deprivation, population density)?

Not used. 1

Referenced occasionally in broader analysis but not consistently used in modelling. 2

Key indicators (e.g., deprivation indices) are included in the model, but there has been no
validation / formal assessment.

Statistically tested and incorporated into the model.

How well are external data sources integrated and refreshed to reflect changing local conditions?

a External data updates are reactive and ad hoc. 1

Data is refreshed intermittently or only when major changes occur; integration into the model is
infrequent and / or inconsistent.

c Regular scheduled updates (e.g., weekly or monthly). 3
Data is refreshed automatically or on a near real-time basis, with continuous integration into the

d . 4
risk model to reflect local trends.
Total Score for EXTERNAL DATA INTEGRATION
Retail Crime Risk Models 2026
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USE OF INTERNAL DATA Score

To what extent is your internal incident data (e.g. thefts, fraud, violence, burglaries) complete, refreshed,
and quality assured?

a Incident data is incomplete, outdated, or unreliable, with minimal or no quality control in place. 1

b Incident data is inconsistently captured or delayed, and quality assurance processes are limited 9
or informal.

c Most incident data is collected promptly and reviewed regularly for quality, though minor gaps 3
or delays may occur.

d Internal incident data is comprehensive, refreshed on a near real-time basis, and subject to 4

rigorous quality control, enabling accurate and timely decision-making.

a We rely on manual processes and disconnected systems, with minimal technological support. 1

b We use basic tools (e.g., manual spreadsheets, standalone platforms), with limited processing ’
or analytical capabilities.

c We use data analytics tools and software, but automation and integration with other systems 3
are limited.

d Our risk model integrates Al or machine learning, automation, real-time dashboards, or APIs, 4

etc. for seamless data collection, processing, and analysis.
To what extent do you incorporate various internal data sources in your risk model, beyond incident

reports? (e.g. HR data, staff surveys, POS data, foot traffic, etc.)

a Only direct incident reports are used, with no integration of other internal data sources. 1

b Some additional data sources are considered, but the model relies heavily on direct incident ’
reporting.

c Several types of internal data are used beyond incident reports, but the scope is not fully 3
comprehensive.

d The model incorporates a wide range of internal data sources (e.g., POS data, staff surveys, 4

customer complaints, inventory anomalies) to provide a holistic view of crime risk.
Have data variables been adjusted for harm and frequency differences? (e.g. armed robberies vs low

value shop theft)?

a No weighting is applied: all incidents are treated equally, regardless of harm or frequency. 1
Some informal weighting is applied to high-harm incidents, but the approach lacks
methodological consistency or statistical basis.

We apply consistent weighting or scoring methods to differentiate between incident types,
though not all are statistically validated.

Our model uses advanced statistical techniques to weight incidents based on both frequency

d ) . ) 4
and harm, ensuring an accurate and balanced risk profile.
Total Score for INTERNAL DATA
Retail Crime Risk Models 2026
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OPERATIONAL & STRATEGIC USE Score

To what extent is the model used across the business? E.g. in planning, operations, and decision-
making?

Used within LP/AP only. 1
Used occasionally outside LP/AP.

c Used across several functions e.g., operations, security, store planning.

Embedded across the organis"ation and routinely informs strategic planning, operations and
tactical decision-making at all levels.

To what extent does the model inform key decisions (e.g. resourcing, store planning, investment)?

a Rarely informs decisions.

b Supports decisions occasionally.

c Regularly informs decisions.

AW IN |-

Central to high-impact decision-making.

How strong is organisational ownership of and engagement with the crime risk model?

a Minimal awareness: It is an asset protection tool, and asset protection alone. 1
b Limited to small teams with minimal wider understanding or participation. 2
c Broad engagement in specific key areas 3
d Strong, organisation-wide ownership. 4
How effectively is the model used for continuous improvement, innovation, and ROI-driven decision-
making?
It's not used to test interventions, measure ROI, or inform innovation. 1
Used informally but little connection to ROI or innovation. 2
. Supports some performance tracking though use in innovation and ROI analysis is still 3
developing.
d Drives measurable ROl and innovation across security, operations, and strategic initiatives. 4

Retail Crime Risk Models 2026
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D) TESTING & VALIDATION

D1. Hasthe model been tested and / or validated?

No testing / validation. 1
b Informal or limited testing / validation. 2
Some structured testing / validation. 3
Rigorous and repeated testing / validation. 4
D2. How often are predictions compared to actual outcomes? ‘
a Never - predicted risk is not compared to actual outcomes. 1
b Ad hoc - comparison takes place after incidents, but it is not consistent or used to improve the 5
model.
. Periodically — predicted risk is periodically compared with actual outcomes, and adjustments 3
are made where gaps are identified.
d Systematic and routine - predicted risk is routinely compared with actual outcomes (e.g. 4

incidents, losses), and the model is regularly adjusted to improve accuracy.

To what extent is the model used in defensibility contexts (e.g. legal, governance, audit)?

Never. 1
b Rarely used. 2

Occasionally used. 3
d Regularly used and relied upon. 4
D4. How is the model refined over time? ‘
a It is fixed. 1
b Updated reactively if it doesn't feel right. 2
c Periodically reviewed and tweaks made to improve. 3
d Continuously refined based on evidence. 4

Retail Crime Risk Models 2026
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E ‘ FREQUENCY OF DATA REFRESH & DYNAMIC CAPABILITY

E1l ‘ Is the model primarily retrospective or forward-looking?

Fully retrospective.

b Mostly retrospective.

Some forward-looking capability / forecasting.

AW IN|—-

d Strong predictive forecasting capability.

E2. ‘ How effectively does the model identify emerging risks? ‘
a

Does not identify emerging risks.

b Inconsistent identification.

Reasonable horizon scanning.

AIWIN|-

Systematic early identification.

How freguently is relevant (i.e. dynamic) data in the model updated?

Never. 1
b Rarely. 2
c Regularly / Periodically. 3
d Elements of the risk mitigation approach include continuous / near real-time updates. 4

E4. ‘ How well does the model support proactive resource allocation? ‘

a Not used proactively. 1
b Limited use. 2
c Supports some proactive decisions. 3
d Drives proactive, proportionate deployment. 4

Total score for DYNAMIC CAPABILITY

Total Score for EXTERNAL DATA INTEGRATION

Total Score for INTERNAL DATA

Total score for OPERATIONAL & STRATEGIC USE

Total score for TESTING & VALIDATION

Total score for FREQUENCY OF DATA REFRESH & DYNAMIC CAPABILITY

TOTAL SCORE:
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Self-Assessment Results. Which Persona are you?

Retail Crime Risk Model — Personas

"The Reactive

"The Intelligence-Led

EXTERNAL
DATA
INTEGRATION

DEPTH &
RELEVANCE
OF INTERNAL
DATA INPUTS

"The Firefighter”

Investigator”

"The Analyst"

Strategist”

Score 4-6 Score 7-10 Score 11-14 Score 15-16

Crime risk Some external Key external External data is
understanding is indicators are datasets are systematically
largely inward- reviewed routinely integrated, tested for
looking, reactive and  periodically, but incorporated and relevance, and
store-specific. You integration is manual refreshed, providing combined with
respond quickly but  and inconsistent, broader context to internal data to

it's hard to get limiting their internal crime create a nuanced,
ahead of the curve operational value. patterns and trends.  place-based

as decisions are understanding of risk.
driven by events

rather than ongoing

reliable insight.

Score 4-6 Score 7-10 Score 11-14 Score 15-16

Internal incident Incident data is Internal data is Internal data is

data is incomplete, captured more generally robust, comprehensive,
inconsistently consistently, but timely, and quality-  integrated, and
recorded, and quality, timeliness, checked. Multiple actively curated.
largely reactive. and analytical depth  internal data High-harm and low-
Decisions aredriven  vary. Dataisusedto sourcesare usedto frequency risks are

by recent events
rather than reliable
insight.

explain issues after
they occur rather
than anticipate
them.

support structured,
repeatable decision-
making.

appropriately
weighted to support
precision decision-
making.
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OPERATIONAL
& STRATEGIC
USE

TESTING &
VALIDATION

FREQUENCY
OF DATA
REFRESH &
DYNAMIC
CAPABILITY

TOTAL SCORE

Overall Retail
Crime Control
Persona

Retail Crime Risk Model — Personas

Score 4-6 Score 7-10 Score 11-14 Score 15-16

The risk model is The model informs The model is The model is trusted,

siloed within LP/AP  some operational embedded across embedded, and

and has noinfluence  decisions, but several functions routinely used across

on wider business awareness and and supports the business,

decisions or ownership are consistent, cross- underpinned by a

strategy. limited to a small functional decision-  shared risk language
number of teams. making. and strong

governance.

Score 4-6 Score 7-10 Score 11-14 Score 15-16

The model has not Some informalorad  The model The model is

been formally tested hoc testing takes undergoes periodic  rigorously and

or validated. There is place, oftenin validation, with routinely validated.

little or no response to structured Predicted risk is

comparison incidents. comparison systematically tested

between predicted Comparison between predicted against outcomes,

risk and actual between predicted risk and actual with continuous

outcomes, and and actual outcomes. refinement. Outputs

outputs are not used outcomes is Adjustments are are usedin

in defensibility inconsistent, and made where gaps defensibility contexts

contexts. findings are rarely are identified, and and supported by
used toimprove the  confidencein clear governance and
model. outputs is auditability.

increasing.

Score 4-6 Score 7-10 Score 1-14 Score 15-16

The model is entirely  The model is The model supports  The model is

retrospective, based  primarily some forward- dynamic and

on historical retrospective, with looking analysis, forward-looking, with

incidents, and limited forward- with regular data continuous or near

updated looking capability. updates and the real-time data refresh

infrequently. It does  Data is updated ability to identify on relevant metrics. It

not support periodically, and emerging risks with  systematically

forward-looking
assessment or

emerging risks are
identified

reasonable lead
time. It informs

identifies emerging
risks and supports

proactive decision-  inconsistently. some proactive proactive, and
making. interventions. anticipatory decision-
making.
20-39 40-54 55-69 70-80
Reactive and Basic crime A structured, Integrated, trusted,
fragmented; crimeis modelling exists, but  credible model and proactive. Risk
it explains the past informs decisions modelling is

Retail Crime Risk Models 2026
16 The foundation of intelligence-led retail crime control

ECR




responded to, not
understood.

This organisation
manages crimein a
largely reactive way,
responding to
incidents as they
occur with limited
structured
understanding of
risk. Data, both
internal and external,
isincomplete,
inconsistently used,
or absent altogether.
Thereis little
integration across
the business, and
decisions rely
heavily on instinct,
local experience, or
immediate
pressures. The
absence of
validation, forward-
looking capability,
and systematic data
use means the same
problems are
repeatedly
encountered rather
than prevented.

Retail Crime Risk Model — Personas

more than it
anticipates the
future.

The foundations of a
crime risk model are
emerging. Internal
data is more
consistently
captured, and there
is some use of
external context, but
integration remains
partial and often
manual. The model
is primarily
retrospective - used
to explain incidents
rather than
anticipate them.
While it occasionally
informs decision-
making, it competes
with intuition and
operational
pressures. Validation
is limited, and
confidence in the
model is still
developing.

but is not yet fully
embedded or
dynamic.

This organisation
has a structured and
increasingly reliable
crime risk model.
Multiple data
sources -internal
and external -are
used to inform
decisions, and there
is clear movement
toward proactive
risk management.
The model is
embedded across
several functions
and supports
consistent planning
and resource
allocation. Some
validation processes
arein place, and
there is growing
confidence in
outputs. However,
elements remain
periodic rather than
dynamic, and full
organisational
integration has not
yet been achieved.

embedded, validated,
and drives decision-
making across the
business. This
business
systematically
monitors a wide
range of internal and
external risk
indicators and uses
them to anticipate
whererisk is
increasing. Crime risk
intelligence is
embedded across
the business and
informs proactive,
proportionate
interventions.
Decisions about
security, staffing, and
investment are
demonstrably data-
led, defensible, and
aligned to wider
business objectives.
The model is trusted,
continuously refined,
andused asa
strategic asset rather
than a technical tool.
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